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‘Urban Envnronment‘ ‘ Public Safety & Security ‘ ‘ Social & Entertainment ‘

‘ Urban Planning ‘ ‘ Urban Transportation ‘ ‘ Urban Energy‘ ‘ Urban Economy‘

””” Futre |  Current | History

Urban Data Analytics

Visualization and Interactive Visual Analyﬂcs

Multi-View- Similarity- Probabilistic- ‘ Transfer
based Fusion | | Based Fusion | | Dependency-Based
Stage-Based Data Fusion ‘ Feature-level Data Fusion ‘

‘ Clustering ‘ ‘Classiﬁcation‘ ‘ Regression ‘ ‘ Outlier Detection ‘ ‘ Association ‘

T

Urban Data M.

Learning-Based

T
Data Fusion

T
Basic!

Map- Travel-Time | | Trajectory Dynamic Correlation
Matchin Estimation || Compression | | Ridesharing | | Pattern Mining

‘ Hybrid-Indexing for two Datasets ‘ ‘ Techniques for Managing 2+ Datasets ‘

T
Advanced

‘ Spatial Databases ‘ ‘ Spaito-temporal Databases ‘ ‘ Graph Data Management ‘

ie@ e ® © 800

Mobility Traffic Air Quality Meteorology Social Media Energy ~Roads ~ POIs

T
Cloud Platform | Basic

Urban Sensing & Data Acquisition
Data Evaluation & Data Preprocessing

Data Sensor-Centric Sensing : Human-Centric Sensing
Collection (Sensor Deployment Models) ‘l (Task Assignment, Participants Recruitment)
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