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Increasing Demands of Accurate & Updated Maps

Navigation RoutePlanning& Real-time Scheduling



Traditional Map DataCollecting Methods

Low Spatial Coverage

Dynamic Traffic Status

On-field Study



Crowdsourcing GPS Trajectories

MassiveMoving Objects GPS Devices Real-time City-wide Map Information



Challenges

GroundTruthMap

PositioningError(~15meters)

Difficult to DistinguishSpatiallyCloseRoads

LowSamplingRate(30s/pt)

AmbiguousUnderlyingTraversingRoutes



Framework ofDeepMG



Geometry Translation (1/2)
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Geometry Translation (2/2)
ÅT2RNet
ÅTransition Embedding

ÅShared Encoder

ÅRoad Region Decoder

ÅRoad Centerline Decoder

ÅOptimization
ÅDice Loss [Milletari F, et al. 2016]

ÅMulti-task Loss

MilletariCΣ Ŝǘ ŀƭΦ άV-net: Fully convolutional neural networks for volumetric medical image segmentationέΦ о5±Φ нлмсΦ 


